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Abstract
Water molecules at solid–liquid interfaces play a pivotal role in governing interfacial
phenomena that underpin electrochemical and catalytic processes. The organization and
behavior of these interfacial water molecules can significantly influence the solvation of ions,
the adsorption of reactants, and the kinetics of electrochemical reactions. The stepped structure
of Pt surfaces can alter the properties of the interfacial water, thereby modulating the interfacial
environment and the resulting surface reactivity. Revealing the in situ details of water structures
at these stepped Pt/water interfaces is crucial for understanding the fundamental mechanisms
that drive diverse applications in energy conversion and material science. In this work, we have
developed a machine learning potential for the Pt(211)/water interface and performed machine
learning molecular dynamics simulations. Our findings reveal distinct types of chemisorbed and
physisorbed water molecules within the adsorbed layer. Importantly, we identified three unique
water pairs that were not observed in the basal plane/water interfaces, which may serve as key
precursors for water dissociation. These interfacial water structures contribute to the anisotropic
dynamics of the adsorbed water layer. Our study provides molecular-level insights into the
anisotropic nature of water behavior at stepped Pt/water interfaces, which can influence the
reorientation and distribution of intermediates, molecules, and ions—crucial aspects for
understanding electrochemical and catalytic processes.
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1. Introduction

Solid/liquid interfaces are ubiquitous in natural and engin-
eered systems [1], playing a crucial role in geochemistry
[2], electrochemistry [3], and corrosion [4]. The molecular
structures at these interfaces [5] exhibit complex interactions
between water molecules, ions, and solid surfaces [6–9], creat-
ing a heterogeneous environment with features like hydration
layers [10], adsorption sites [11], and varying ion distributions
[12]. The dynamics at these interfaces are also complex, driven
by both structural organization and thermal fluctuations [13],
leading to constant movement and reorganization at differ-
ent spatial and temporal scales. Understanding and controlling
interfacial processes requires detailed characterization of the
interface structure and dynamics [4, 14–17].

The structure and dynamics of water molecules at solid/li-
quid interfaces can significantly influence the overall inter-
facial processes. Studies have shown that water molecules
can exhibit different structural arrangements and hydrogen-
bonding patterns compared to bulk water [18–25]. These
unique water structures may play an important role in gov-
erning various interfacial phenomena, such as ion adsorp-
tion, charge transfer, and even chemical reactions [26, 27].
However, the precise water structures at specific solid/liquid
interfaces that contribute to these processes are not fully
understood. For example, surface x-ray diffraction and near-
edge x-ray adsorption fine structure measurements showed
two distinct O sites above the step Pt atoms of Pt(211),
supporting that water is stabilized by forming 1D zigzag
water chains [22, 28]. Nevertheless, calculation suggested that
simple 1D chains at the step edge are not thermodynamic-
ally stable when the coverage is increased [18]. A recent
study showed that the chain structure at Pt(211) disappears
as water adsorption saturates the surface to form an incom-
mensurate, disordered network of water rings of different size
[24]. At ambient conditions, when metal interfaces are in con-
tact with liquid water, the molecular structure of the interface
is no longer directly accessible as it is at monolayer cover-
ages and ultrahigh vacuum conditions [1]. Spectroscopic tech-
niques have faced challenges in unambiguously identifying
these complex water structures due to difficulties in spectral
deconvolution [29–32]. Developing accurate computational
models that capture the intricate interplay between water, ions,
and the solid surface is crucial for improving our understand-
ing of these interfacial processes [33, 34]. Explicit interface
models that include the adsorbed water layer and surrounding
water molecules, along with accurate descriptions of metal-
water and water-water interactions, can provide the neces-
sary structural and dynamic information. Ab initio molecular
dynamics (AIMD) is a powerful tool for this purpose, although
its high computational cost presents a challenge [35].

In this study, we have developed a machine learning
potential (MLP) to investigate the atomic-scale structure and
dynamics of water molecules at the Pt(211)/water interface.
Our findings revealed the presence of distinct types of water
molecules with unique angular distributions and pair configur-
ations within the adsorbed layer. These water structures, which
are strongly influenced by the anisotropic nature of the stepped
Pt(211) surface, lead to pronounced anisotropies in the water
dynamics, primarily attributed to the directionality of hydro-
gen bonding interactions. Specifically, we observed that water
molecules in direct contact with the Pt(211) surface exhibit
preferred orientations and enhanced residence times compared
to bulk-like water molecules. Additionally, the stepped geo-
metry of the interface promotes the formation of well-defined
water pair structures, which exhibit characteristic lifetimes
and diffusion characteristics. These insights into the structure
and dynamics of the water layer at the Pt(211)/water interface
have important implications for understanding a wide range of
interfacial phenomena, including water dissociation and ions
solvation at stepped Pt/water interfaces.

2. Method

Models and computations

The Pt(211)/water interface is modeled using orthogonal 6 ×
6 × 6 Pt slabs with water molecules filled in between the top
and bottom of the Pt surfaces. The lattice parameter for the
supercell is 16.869,13.774 and 40.00 Å along x/y/z direction.
Here, the water density has been determined to be 0.97 g cm−3

at the middle 7 Åfor Pt(211)/water interface. For the produc-
tion run, we expand the both the models to orthogonal 12× 12
× 6 Pt slabs. All the density functional theory (DFT) calcula-
tions are performed in CP2K/Quickstep [36]. The Goedecker–
Teter–Hutter (GTH) pseudopotentials [37, 38] are used to
describe the atoms: the H is described by GTH-PBE-q1, with
all electrons in the valence, O atom is described by the GTH-
PBE-q6 with 2 s and 2p electrons in the valence, and Pt is
described by the Pt GTH-PBE-q10 with 5d and 6 s electrons
in the valence. The DZVP-MOLOPT-SR-GTHGaussian basis
[39] set is used to all atom types except for Pt, which uses a
developed basis set for the GTH-PBE-q10 of Pt by Le et al
[40]. The cutoff of the plane wave energy is set to 1000Ry.
The Perdew–Burke–Ernzerhof (PBE) functional is utilized to
describe the exchange-correlation effect [41]. GrimmeD3 cor-
rection is included to consider the dispersion interaction [42].

MLP and MD simulations

Weutilize the DPGENworkflow to iteratively update the train-
ing dataset for developing MLPs. This workflow consists of
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three main parts: training, exploration, and labeling. Detailed
descriptions can be found in the original literatures [43, 44].
Utilizing this workflow, we have updated the dataset of interfa-
cial structures to 4280 for Pt(211)/water. To conduct MD sim-
ulation with first principles accuracy and high efficiency, we
use the Deep Potential model to learn the structure-dependent
energies and forces. The se_a descriptor is used in this work
[44]. The training process contains two sets of deep neural
networks: the embedding network for training descriptors and
the fitting network for training MLPs. The size of embed-
ding networks is set to (25, 50, 100) and the fitting network
is set to (240, 240, 240). The cutoff radius of descriptors
is set to 8.0 Åand the weight decays smoothly from 0.5 to
8.0 Å. For the active learning process, 200 000 steps are
used to train the potential. For the final production of MLPs,
2000 000 steps are used.

The molecular dynamics (MD) simulations are performed
with both large-scale atomic/molecular massively parallel
simulator (LAMMPS) package [45] and CP2K package [36].
For the exploration in the DPGEN, we use LAMMPS to con-
duct MD. The simulation is conducted in NVT ensemble and
we set the temperature to 330/430/530K to include the config-
urations distributed around these temperatures. The time step
is set to 0.5 fs and Nose–Hoover thermostat is used to con-
trol temperature with temperature damping parameter setting
to 100 fs [46, 47]. For the equilibration and production run, we
used the CP2K package. For the convenience of comparison
to previous AIMD simulations [48], we performed the second
generation Car–Parrinello MD in canonical ensemble (NVT)
using a timestep of 0.5 fs. The Langevin friction coefficient γD
is set equal to 0.001 fs−1. The intrinsic friction coefficients γL
are set to 2.2×10−4 fs−1 for H2O and 5×10−5 fs−1 for Pt. For
all the validation runs, 1 ns simulation is conducted.

3. Results

The Pt(211) surface has (111) terraces separated by (100)
steps (figure 1(a)). Our model includes 216 Pt atoms and
190 water molecules, accurately representing the interface
and bulk water. The water density in the central region
is 0.97 gcm−3. [48] (more details in the supplementary).
We trained a MLP for this system using an active learn-
ing workflow [43]. (This workflow began with 200 struc-
tures from a previous simulation [48]. Further details can be
found in the supplementary.) This MLP accurately predicts
energy and force (table S1). We then added k-point correc-
tion to ensure converged energy/force over k-point densities
(figure S1). The root mean square error of energy and force
between first principles calculation and MLP prediction are

below 0.6meV/atom and 80meVÅ
−1

(table S1), respectively.
Finally, we performed machine learning molecular dynam-
ics (MLMD) simulations using the trained MLP and an
expanded 2 × 2 × 1 model (figure S2). These simulations
showed no significant energy drift over 10 ns, with an average
temperature of 392K (figure S3).

We compared oxygen density profiles obtained from both
MLMD and AIMD simulations (figure 1(b)) [48]. Using the

average z-position of the step Pt atoms as the reference plane,
we found consistent profiles between MLMD and previous
AIMD simulations. This consistency indicates that theMLMD
model accurately captures the structural features of the water
layer at the stepped Pt interface. Based on the vertical dis-
tances of the oxygen density (table S2), we classified the
water molecules into four categories: A, B, V, and C. Water
molecules within the middle five Åregion were defined as
bulk water and labeled as L. Unlike the behavior observed on
the basal plane, [49] where water A was solely attributed to
chemisorbed water molecules, this region now also contains
physisorbed water molecules (figure S4). Analysis of the angle
probability distribution (figure 1(c)) revealed a population of
water molecules with the OH vector pointing toward the sur-
face at z < 2.65 Å. These molecules are not chemisorbed on
top of the stepped Pt atoms but are physisorbed above the ter-
race Pt atoms. They are stabilized by hydrogen bond inter-
actions with chemisorbed water molecules. However, further
decomposition of water A into more fundamental components
solely based on z-coordinate and the probability distribution
of cosθ will be difficult.

To address this challenge, we used the joint probability dis-
tribution of both OH vector angles relative to the surface nor-
mal. This analysis, shown in figure 2(a), allowed us to further
subdivide water A into three distinct regions (AI , AII, AIII).
Table 1 outlines the criteria for classifying water A and B into
these distinct regions (figure 2(b)). Coverage analysis revealed
that the probability of AIII is significantly lower compared
to the other regions. The step density of chemisorbed water
molecules AI is 0.596 (approximately 0.20 relative to the sur-
face Pt atoms), consistent with previous AIMD simulations
[48]. The overall surface coverage of A+B is approximately
0.70. In the following section, we will delve into the orienta-
tion and arrangement of the prominent water pairs and explore
their influence on water dynamics.

To provide a more precise orientation description of these
distinct water molecules, we analyzed the directionality of
the oxygen–hydrogen vector (figure 2(c)). We defined a vec-
tor pointing from the oxygen atom (O) to the hydrogen atom
(H) and projected this vector onto the plane perpendicular to
the surface normal. The angle between this projected vector
and the vector along the step is denoted as θ ′. Figure 2(d)
depicts the water structures, while figures 2(e)–(j) illustrate
the probability distribution of the projected angle at various
O–H distances. Figure 2(e) shows the probability distribu-
tion for AI , which primarily adsorbs on top of the stepped
Pt atoms (figure S5). For O–H distances less than 0.95 Å,
there is a negligible probability distribution, indicating the
absence of hydrogen bond formation on top of AI . When
the O–H distance is approximately 1.70 Å, the probability
distribution along the step (dcosθ) is symmetric, while it is
asymmetric perpendicular to the step (dsinθ). Further ana-
lysis (figure S6) reveals that when water AI acts as a hydro-
gen acceptor, it primarily accepts hydrogen along the step.
Conversely, as a hydrogen donor, it exhibits a preferred orient-
ation perpendicular to the step, with θ ′ mainly concentrated
at 0◦ ± 45◦. Figure 2(f) shows the angle distribution of AII.
Our previous study showed that AII at the basal plane/water
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Figure 1. The model and structural feature of Pt(211)/water interface. (a), The Pt(211)/water model. (b), The oxygen density profile along
the surface normal obtained from AIMD and MLMD. Here, the average z value of step Pt atoms are chosen as the reference plane. (c), The
probability distribution of cosθ, where θ is defined as the angle between OH vector and the surface normal.

interface primarily resides in the second adsorbed layer (the
physisorbed layer). However, at the Pt(211)/water interface,
the recesses (terrace rows) formed by the stepped platinum
surface provide space for water molecules to move down-
ward. This allows physisorbed water molecules to enter the
chemisorbed peak region in the z-direction when considering
the plane of the step Pt atoms as the reference. As a hydrogen
donor (figure S6), AII contributes hydrogen only along the step
direction. As a hydrogen acceptor, it primarily accepts hydro-
gen perpendicular to the step. This indicates that the plane of
AII is parallel to the step rows. Although the coverage of AIII

(figure 2(g)) is low, we find that it also contributes hydrogen
perpendicular to the step with a preferred orientation similar to
AI . Water B exhibits a distinctive asymmetric hydrogen bond
orientation perpendicular to the step, with a preferred orient-
ation of θ ′ at 180◦ ± 45◦. This preference complements that
of water A. BI (figure 2(h)) primarily resides on top of the
terrace Pt atoms (figure S5). The joint probability distribution
(figures 2(a) and (b)) shows that AIII and BI have similar angle
distributions. However, as donor water molecules (figure S7),
AIII and BI exhibit opposite orientation preferences perpendic-
ular to the step. For BII, hydrogen bonding along the step dir-
ection is rare. The orientation preference applies to both donor
and acceptor water molecules (figure S7), suggesting that the
plane of BII may be perpendicular to the step. BIII exhibits an

Table 1. The classification of adsorbed water molecules. Here z is
defined as the distance of oxygen atoms to the reference plane (the
average z values of stepped Pt). The coverage is calculated as the
number of water molecules/the number of surface Pt atoms.

z[Å] cosθ 1, cosθ 2 Coverage

AI 1.60–2.65 [−0.50,0.70] and [−0.50,0.70] 0.20± 0.02
AII 1.60–2.65 [−1.00,−0.50] or

[−1.00,−0.50]
0.26± 0.02

AIII 1.60–2.65 [0.70,1.00]) or [0.70,1.00] 0.01± 0.01
BI 2.65–3.70 [0.60,1.00] or [0.60,1.00] 0.06± 0.02
BII 2.65–3.70 [−1.00,0.00] and [−1.00,0.00] 0.02± 0.01
BIII 2.65–3.70 ([0.00,0.60] and [−1.00,0.60]) or

([−1.00,0.60] and [0.00,0.60] )
0.15± 0.02

angle distribution resembling that of AII, but with a more flex-
ible water orientation.

These water molecules form the prominent building
blocks of the hydrogen bond network. When an intermedi-
ate replaces the chemisorbed AI , its orientation will be mod-
ulated by the surrounding water molecules, affecting their
thermodynamics and kinetics.

To better understand the water pairs potentially influen-
cing water dissociation and other local solvent structures,
we examined the radial distribution functions (RDFs) of
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Figure 2. The orientation of the hydrogen bonds of different type of water molecules. (a), The joint probability distribution of water
molecules in A region. Here θ 1 and θ 2 correspond to the angle between the two OH vectors of a water molecule and the surface normal.
(b), The same distribution as A but for water molecules in B region. (c), Schematic illustration of the projection of O–H vector to the
reference plane. Here, d is the distance between oxygen and hydrogen. θ

′
corresponds to the angle between OH vector and the vector along

the step rows. The O–H can be the covalent bond or the hydrogen bond. (d), The representative adsorbed water structures. (e)–(j), The
density distribution of the OH distance at different angles for AI ,AII, AIII,BI ,BII, and BIII.

the adsorbed water molecules. Each type of water molecule
(as defined in the previous section) was used as a reference
atom. The results (figures 3(a) and (c)) highlight prominent
water pairs between AI and AII, AI and BI , as well as AII

and AII. In the AI-AII pair, AI sits atop the stepped Pt atoms,
while AII resides on top of the terrace Pt atoms. AI donates
its hydrogen to AII, which accepts hydrogen with its water
plane parallel to the step rows. The O–H vector orientation
preferences of AI and AII suggest that AII primarily resides
above terrace atoms close to the lower (100) step atoms (figure
S5). In the AI and BI pair, AI also donates hydrogen to BI .
Considering the coverage of AI , AII, and BI , we know that
this type of hydrogen bond is secondary to AI but promin-
ent for BI . For this pair, BI resides above terrace atoms close
to the upper (100) step atoms. For the AII and AII pair, these
watermolecules primarily reside above terrace atoms and form
hydrogen bonds parallel to the step rows. Previous analysis
indicates that these water molecules have planes parallel to
the step rows. Compared to the prominent water pairs, inter-
actions between AI-AI , AI-AIII, AI-BII, AI-BIII, AII-AIII, and
AII with water B are less abundant. Interactions within water B
molecules are further decreased (figure 3(c)). However, these

less abundant pairs are necessary components of the overall
hydrogen bond network, which may be overlooked in low-
water-coverage vacuum models.

To support this point, we extracted the z-coordinates of
oxygen atoms within 3 Åof the referenced oxygen atoms of
the adsorbed water molecules (figure S8). Most oxygen atoms
interacting with AI and AII are chemisorbed and physisorbed
water molecules. For AIII, a small fraction of interacting water
molecules reside in the V region. Physisorbed water molecules
in the B region primarily interact with the chemisorbed water
molecule A, but they also have connections to water molecules
in the C region (figure 3(d)). This suggests that adsorbed
water molecules are not isolated from non-adsorbed water
molecules, but they mainly interact through water molecules
in the B region. In figures 3(a) and (d), a vertical line is
drawn at r = 2.6 Åfor reference, which corresponds to the
shortest peak position of the water pairs (exactly between AI

and BIII). Pairs containing AI exhibit a peak position close
to this line. However, for physisorbed water molecules and
VC, the peak positions are slightly larger. These differences
suggest that these water pairs may play different roles in the
water dissociation process.
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Figure 3. The water pairs analysis. (a)–(d), The radial distributions functions of oxygen-oxygen of different types of water molecules. The
legend shows the referenced oxygen atoms (the first label) and the observed oxygen atoms (the second label). The inset figures in (a) and (b)
show the prominent water pairs.

After identifying the prominent water pairs, we invest-
igated their role in interfacial water dynamics. Using the
mean squared displacement method, we tracked displace-
ment every 10 ps over 3 ns and then calculated diffusion
coefficients. Since AI is chemisorbed on top of the step Pt
atoms, it was excluded from the diffusion dynamics study.
Due to the low coverage of AIII and the exchange of dif-
ferent types of water B molecules during the observation
period (figure S12), we focused on studying the diffusion
dynamics of AII, B, V, C, and L.

We analyzed the one-dimensional diffusion of water
molecules along and perpendicular to the step rows. AII exhib-
its anisotropic diffusion dynamics with higher diffusion coef-
ficients along the step (figure 4(a)). This observation aligns
with the definition of AII, which shares a similar z-values with
AI . This environment restricts the movement of AII perpen-
dicular to the step, resulting in lower diffusion coefficients in
this direction. Additionally, figure 2(d) shows the absence of
hydrogen bonds on top of AI , indicating limited facilitation
of water molecule transfer in the B region perpendicular to
the step. While this hindrance is less severe for B compared
to AII, anisotropic water diffusion dynamics are still observed
in the B region. As water molecules move further away from
the interface, the anisotropic water diffusion dynamics become
isotropic. This is consistent with the observation of isotropic
hydrogen bond orientation distribution in bulk water L (figure
S10). Aside from the directionality of the diffusion dynamics,
it can also be observed that the diffusion will become slow

from bulk water to the interfacial water molecules. The diffu-
sion coefficient of bulk water molecules is also consistent with
the results of our recent study.

Slower interfacial water diffusion dynamics generally cor-
respond to stronger hydrogen bond at the interface. To prove
this, we determined the characteristics of the hydrogen bonds
at the interface. From the water pair analysis we know that
AI can form hydrogen bonds with various types of water
molecules. We also observed that a significant portion of
water molecules can interchange between regions A and B
(see figure S12). This makes it difficult to distinguish and
track individual hydrogen bonds for specific types of water
molecules, especially when the tracking time is close to
the exchange timescale. Therefore, we investigated hydro-
gen bond dynamics in the combined A and B regions (AB).
For comparison, we also examined hydrogen bond dynamics
in regions V, C, and L. The hydrogen-bond (HB) geometry
formed between twowatermolecules is depicted in figure 4(b),
with dOO set at 3.2 Å and θ at 30◦.We define a correlation func-
tion for hydrogen bonds (see SI Formulas for statistical ana-
lysis, formula (2)) in a specific region. This correlation func-
tion tracks the hydrogen bond over time (in this study, we used
20 ps, figure S11(a)). We then fit the correlation function using
two exponential functions (table S3) to obtain the timescales
associated with hydrogen bond changes as suggested by pre-
vious studies of bulk water molecules [50, 51]. Figure 4(b)
displays the slow lifetime of the hydrogen bonds (fast life-
time can be found in table S4). It can be observed that the
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Figure 4. The water dynamics analysis including diffusion/hydrogen bond/reorientation dynamics. (a), The diffusion coefficients of water
molecules in different regions. The typical structures of AI and AII are shown in the inset figure to assist the understanding of anisotropic
diffusion dynamics. (b), The hydrogen bond lifetime of the slower part fitted from the hydrogen bond correlation functions using two
exponential forms. (c), The reorientation lifetime of the slower part fitted from the second-order rotational autocorrelation functions of the
water bisector using two exponential forms. (d), the joint probability distribution of finding an O–H–O

′
geometry with a given ν–θ

configuration for water molecules. Here, ν is the difference between the distance of OH and HO
′
. θ is defined as the angle between OH and

OO
′
. For the scale bar, P denotes the frequency count, and Pmax represents the maximum frequency count of a given O–H–O′ geometry.

P/Pmax denotes the normalized probability distribution. (e), The difference between the normalized hydrogen bond joint probability of
water L and AB.

lifetime of the hydrogen bonds will become longer at the inter-
face, in consistent with the observation of slower diffusion
dynamics at the interface. We also explored the directional-
ity of hydrogen bond dynamics for water molecules in the AB
region.We assessed the directionality of hydrogen bonds at the
initial time. Specifically, hydrogen bonds with angles within
−45◦−45◦ and 135◦−225◦ with respect to the step direction
were categorized as parallel to the steps, while the remaining
hydrogen bonds were categorized as perpendicular to the step.
Our findings indicate that hydrogen bonds perpendicular to the
step exhibit greater strength and longer lifetimes compared to
those along the step (figure 4(b)). Furthermore, we observed
that the percentage of hydrogen bonds perpendicular to the
step is higher than those along the step (figure S9), consistent
with the observation in figures 2(d)–(i), which shows numer-
ous shorter hydrogen bonds perpendicular to the step. Our pre-
vious analysis of water pairs revealed that hydrogen bonds
between AI-AII and AI-BI are perpendicular to the step, while
those between AII-AII are along the step. This suggests that
the anisotropic hydrogen dynamics are primarily influenced
by these specific water pairs. It can also be expected that the
adsorbed water molecules must rearrange themselves before
water dissociation occurs.

To further understand why the diffusion and hydrogen
bond dynamics become slower at the interface, we ana-
lyzed the joint probability distribution of the O–H–O

′
geo-

metry (the distance difference ν and the angle θ). Here, ν
is defined as the difference between the distance of OH and
HO

′
(in unit of Å). θ is defined as the angle between OH

and OO
′
. The most stable hydrogen bond geometry is loc-

ated in the top-right corner of figure 4(d) with ν close to
−1.0 Å and cosθ close to 1.0. Figure 4(e) illustrates the nor-
malized probability difference distribution of hydrogen bond
geometry between L and AB. We observed that the hydro-
gen bond strength at the interface becomes stronger as ν
becomes more positive.

The reorientation of water molecules is intricately linked to
the dynamic rearrangement and restructuring of the hydrogen
bond network [52]. We analyzed the second Legendre poly-
nomials of the correlation function [51] associated with the
water bisector, which closely aligns with the direction of the
dipole moment (figure S11). During the timescale (20 ps) used
to study the reorientation dynamics, different types of water
molecules in the B region frequently exchange (figure S12).
Therefore, we only analyzed the reorientation dynamics of AI

and AII and treated water molecules in the B region as a whole.
Similar to the hydrogen bond dynamics, we used two exponen-
tial forms to fit the lifetime, obtaining a slower (figure 4(c)) and
a faster (table S3) lifetime. The slower lifetime is presented in
the main text. Consistent with the hydrogen bond dynamics,
the reorientation dynamics become faster as water molecules
move from the interface toward bulk water. We observed that
when considering the water bisectors (projected onto the ref-
erence plane) of AI and AII, those with a preference for the
direction perpendicular to the step exhibits a longer orienta-
tion lifetime, and vice versa. This reorientation dynamics fea-
ture aligns with the hydrogen bond directionality of AI–AII

and AII–AII water pairs.
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Implications for electrochemistry: one intriguing aspect of
interfacial processes is the presence of OH species at Pt sites
at low potentials (the H adsorption/desorption region) [17, 53,
54]. This potential region is generally believed to be domin-
ated by H rather than OH [53]. However, recent studies have
observed the presence of OH species at low potentials, attrib-
uting their formation to water dissociation on stepped Pt sites
rather than to oxygenated products formed from the reduction
of trace oxygen in the electrolyte [17]. Our simulations sug-
gest that at low potentials, water pairs between AI–AII and
AI–BI might serve as crucial resources for water dissociation.
The activated chemisorbed water molecules, in conjunction
with a physisorbed water molecule, could facilitate OH form-
ation and proton transfer away from the adsorbed OH species.
When a third water molecule in the B/V/C region is connec-
ted to the prominent water pairs, it will have a higher prob-
ability to diffuse and reorient, which may facilitate the proton
transfer at the interface.

Aside from the water dissociation, the solvation shell of
reactants/ions at the interface may also be modulated by the
orientation of the hydrogen bond and then becomes aniso-
tropic at the inner Helmholtz and outer Helmholtz layers. This
orientation preference may further affect how the cations/an-
ions play a role in electrochemical reactions.

In conclusion, we have constructed a MLP for the
Pt(211)/water interface with first principles accuracy. Using
this MLP, we have reproduced the oxygen density profile con-
sistent with AIMD simulations. Importantly, we have identi-
fied five distinct types of water molecules and derived three
prominent water pairs that may play a significant role in water
dissociation. Our analysis reveals that the water diffusion
dynamics, hydrogen bond dynamics, and orientation dynam-
ics of both chemisorbed and physisorbed water molecules are
anisotropic. They will gradually become isotropic as water
molecules approach the bulk region. This suggests that the
anisotropic structure and dynamics may play an important role
in initiating and facilitating the water dissociation event. The
detailed structural and dynamic insights gained from this study
also provide a molecular basis for understanding the solvation
of reactants and ions at stepped Pt/water interfaces.

4. Future perspectives

This paper mainly studied the in situ structure and dynam-
ics at stepped Pt/water interface and established connection
between the structure and dynamics. With the rapid develop-
ment ofMLPmethod, the study of in situ structure and dynam-
ics at metal/water interfaces will be a conventional method.
Nevertheless, the deconvolution of the complex and hierarch-
ical dynamics at the interfaces is still a grand challenge. For
example, the water adlayer evolution at the metal/water inter-
faces were reported to happen at the timescale from several
hundred picoseconds to several nanoseconds, which needs fur-
ther examination. In addition, the study of chargedmetal/water
interfaces calls for the establishment of solid method to incor-
porate the long range interactions. For example, the cations
effect has recently attracted many attentions due to its special

role in tuning the reactivity and selectivity of many electro-
chemical reactions. What are the main feature of the hydration
structures of the ions and how do ions distribute at the inter-
faces are some fundamental issues that need to be addressed
to gain deep insights into the electrochemical reactions at
molecular level.

Data availability

The machine learning potential model and the Pt(211)/water
interface model are available at https://dataverse.ikkem.com/
dataverse.xhtml.
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